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Factors affecting borrowers’ turnover in
microfinance institutions: A panel evidence

Hasanul Banna2

Md Rabiul Alam4

Abstract
In the era of competitiveness, clients or borrowers
remain an important asset for financial institutions,
as they are the ultimate source of revenue. Although
the departure of clients from one microfinance institu-
tion (MFI) to another is a common phenomenon, the
manner in which organizational characteristics affect
turnover is largely unknown in the context of the micro-
finance industry. Hence, by utilizing recent (2010–18)
data on 235MFIs from the global microfinance industry,
this study investigates the factors affecting the borrower
turnover rates (BTR) ofMFIs by employing conventional
panel regression techniques. To overcome endogeneity
and ensure robust and dynamic results, the general-
ized method of moments (GMM) has also been used in
this study. The findings reveal that the efficiency-wage
and financial self-sufficiency of MFIs reduce BTR, while
staff turnover rate, write-off ratio and average loan size
increase BTR. Our results remain robust even after con-
trolling for several market and macro-economic factors.
The findings could be utilized to generate several policy
implications to reduce borrowers’ turnover.
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1 INTRODUCTION

The initiation of the microfinance model in the mid-1970s by Professor Muhammad Yunus was
devoted to the noble purpose of improving the impoverished condition of the poor by catering for
their financial needs for sustainable entrepreneurial activities and better livelihood. Since then
microfinance has been reckoned as a preferred development tool in many developing countries
because of its favourable impacts towards thewellbeing of the poor. To bemore specific, the indus-
try has served a minimum of 140 million clients with a total loan portfolio of US$ 124 billion in
2018, which is a promising trend according to Microfinance Barometer (2019).
Microfinance institutions (MFIs) play a crucial role in the overall development of a country,

as they are observed to be efficient in the alleviation of poverty, creation of a financial balance
between households’ deficit and surplus and contribution to the national tax revenue (Nawaz,
2010).1 However, despite their undeniable contribution to the overall economy of a country, MFIs
have been experiencing numerous challenges and difficulties while they continue to progress in
successful operation. Among the various challenges, the dropout2 of clients3 has been observed
to be one of the main focuses of MFIs in recent years owing to the mission drift scandal (Bauwin,
2019), and its adverse effects on the survival of MFIs (Morduch, 1999; Rahman & Rahman, 2014).
Although management literature has emphasized the role of employees’ turnover on firms’ per-
formance (De Winne et al., 2019; Hancock et al., 2013), the factors affecting borrowers’ turnover
have been largely ignored, at least in the context of the microfinance industry. This issue is gain-
ing more significance due to the overall high rate (20–24%) of borrowers’ turnover globally (see
Figure 1) and its possible threat to the survival of rapidly growing MFIs (Cohen, 2002). As per the
survey report of Statista (2018), BTR in the global microfinance industry (as per our estimate) is
very close to the rate of customer’s turnover reported in banking (25%), financial services (22%),
IT and software (23%), but exceed that of insurance (17%), automotive and transportation (17%),
and professional services (16%).4
There are many benefits associated with the retention of existing clients. For example, clients

are the main source of revenue for any company or institution. A vast and efficient clientele base
can help a company or organization to survive in the market by generating sufficient revenue
to cover up costs. Moreover, lower borrower turnover will have a favorable effect on the overall
performance of MFIs, as the existing clients use more of the firms’ products, and offer word-
of-mouth advertisement to attract new clients (O’Cass & Grace, 2004). Furthermore, preventing
the dropout of clients help to reduce administrative costs and default risks, and also increase the
financial productivity of institutions (Mustafa, 1996; Pagura et al., 2001).
In comparison, establishing a relationship with new clients has proven to be costlier (Liu et al.,

2011) and detrimental to MFIs’ achievement of financial and outreach goals, especially on the
occasion when old and loyal borrowers leave the institution (Pawlak & Matul, 2004; Urquizo,
2006). Since the operational mission and vision of MFIs revolve within the borrowers’ spectrum,
MFIs need to retain their existing borrowers and attract prospective clients for a longer period by

1 Institutions which provide small scale loan facilities to people without collateral via utilization of the microfinance con-
cept are often known as MFIs.
2 Dropout and turnover are interchangeably used in this study.
3 Clients and borrowers are interchangeably used in this study.
4 The survey reported customer retention rate (CRR) and we use the “1−CRR” formula to get customer turnover rate. For
more detail of the estimation procedures of CRR and other aspects of the data, see https://www.statista.com/statistics/
1041645/customer-retention-rates-by-industry-worldwide/

https://www.statista.com/statistics/1041645/customer-retention-rates-by-industry-worldwide/
https://www.statista.com/statistics/1041645/customer-retention-rates-by-industry-worldwide/


F IGURE 1 The trend of borrower turnover rates in the global microfinance industry (2010–18)
Source: Author’s estimate based on secondary data.
Notes: Industry mean values of borrower turnover rate were used to draw Figure 1. The number of yearly
observations (in parentheses) used to calculate the mean are as follows: 2010(145), 2011(115), 2012(133), 2013(140),
2014(158), 2015(169), 2016(193), 2017(173), and 2018(155). The trend of borrower turnover may also be affected by
the number of observations used to estimate the industry mean value
[Colour figure can be viewed at wileyonlinelibrary.com]

rendering the best possible financial services. Thus, clients should always be regarded as impor-
tant assets determining the long-term sustainability of a firm (Gupta et al., 2004). As an instance,
minimizing borrowers’ turnover or retaining existing clients in MFIs is not only necessary to
maintain the financial sustainability of MFIs but also for social outreach, which is the core busi-
ness and value generation strategy of MFIs, via service to the poor (Urquizo, 2006).
Hence, the practitioners of MFIs have realized the need to focus on ways to retain existing

customers (Islam, 2011; Westover, 2008). By doing so, they can survive and continuously render
financial services to the poor, subsequently realizing the sustainable development goals (SDGs).
Moreover, an understanding of what makes a borrower dropout from an MFI remains an inter-
esting topic among practitioners, policymakers and academics, due to the scarcity of relevant lit-
erature on the subject. Thus, this study aims to examine how organizational (including gender
diversity) factors affect borrowers’ turnover in MFIs.
Our study contributes in several ways to the existing literature. For example, several studies

have examined borrower’s turnover problems by considering cross-sectional setting. However,
these studies attempted to investigate the factors affecting borrowers’ turnover by only taking
into account the individual-level factors (see literature review section for more detail). Our study
expands the literature by examining organizational-level factors rather than individual charac-
teristics. In this regard, we examine the key drivers of borrowers’ turnover by linking it with the
efficiency-wage theory, mission drift and capital structure of MFIs, among others. In most of the
literature, the efficiency-wage hypothesis was tested to understand employee’s turnover/retention
(Guthrie, 2000; Salop, 1979). However, we have employed the efficiency-wage hypothesis in our
study to assess its effect on the overall borrower’s turnover problem, as we strongly believe that
higher wages (above the market) will mitigate the agency problem between MFIs (principal) and
their employees (agent) and promote a better and quality service towards borrowers, thereby
reducing borrower’s turnover. Furthermore, the aspects of mission drift—a heated topic in the
microfinance literature involving MFIs’ prioritization of their financial gain over social outreach
(Mia & Lee, 2017; Varendh-Mansson et al., 2020)—were not considered in the past investigations
on the borrower turnover phenomenon. Hence, including this aspect in our analysis will further



strengthen and expand the debate of mission drift. Nonetheless, the underlying effects of capital
structure on various dimensions of MFIs’ performance are well documented (Khachatryan et al.,
2017; Pascal Ndaki1 et al., 2018); however, the changes in financing/capital options could alter the
MFIs business model. For example, donation or equity-based financingmay emphasize outreach,
while debt-based financing may prioritize financial sustainability (Mia et al., 2021). Therefore,
understanding how the capital structure could affect borrower turnover in MFIs would be a sig-
nificant contribution to the literature.
In addition, a major contribution of our study is related to the managerial implications. Since

we are dealing with organizational-level factors, the findings will guide the management of MFIs
in understanding the turnover problem from various perspectives. For instance, management of
MFIs could do little in changing the borrower’s perspective; however, they can largely control
organizational factors tomitigate the effect of borrower’s turnover. Therefore, the findings will aid
in the formulation of realistic policies towards the existing issues. Also, the analysis of borrower’s
turnover was controlled by the several market and macroeconomic variables, which provides a
better and broader understanding of the turnover problems experienced in the MFIs. Finally, our
study analyzes recent and large global samples by utilizing both the static and dynamic model of
borrowers’ turnover, which is rarely found in the existing literature. The advantage of such vast
and updated samples along with robust econometric techniques is the availability of fresh and
comprehensive evidences for managers and practitioner in MFIs to make a timely and realistic
decision.
After analyzing the secondary data by employing the fixed effect modeling (FEM)/random

effect modeling (REM; which is preferred), fractional regression and generalized method of
moments (GMM) techniques, the results were discovered to be promising. Although slight dif-
ferences exist between these models at the coefficient and significant levels, most of the find-
ings remain consistent across the models. In summary, our findings strongly suggest that pro-
viding wages above the market level could mitigate the problem of borrower turnover due to
the reduction in agency problems. In contrast, if MFIs face problems of employees’ turnover, a
higher borrower turnover due to relationship banking principles would be experienced. More-
over, imposing larger loan amounts to minimize the cost of service/delivery and attain financial
sustainability may result in higher borrower turnover problems. This finding is very similar to
the concept of mission drift/trade-off hypothesis in microfinance. This implies that when MFIs
prioritize their financial interest by catering for wealthier clients, their outreach performance will
suffer, as more borrowers will consider leaving the organization. That being established, opera-
tionally self-sufficient MFIs will have resources to invest in products and process innovations to
provide better services to retain their clients.
The findings of the study highlighted several policy implications to the management and pol-

icymakers. As an instance, our findings recommend that management of MFIs take employee
welfare as a core agenda in planning their operations. Their focus should be directed towards
enhancing financial and non-financial benefits of employees to encourage them to give their best,
since efficiency wage and staff turnover have been observed to have significant effects on borrow-
ers’ turnover. Nonetheless, the management of MFIs should also improve their policies towards
achieving operational sustainability, as this will promote further investment in product develop-
ment and in turn incentivize their clients. Our findings also reiterate the importance of market
and macroeconomic factors that should be taken into consideration by managers and practition-
ers of MFIs to mitigate the borrower turnover problem.
The rest of the paper is structured as follows: Section 2 derives the conceptual framework,

reviews previous studies and discusses the selected variables; Section 3 presents the discussion



on methodology (e.g., modelling, sources of data and descriptive statistics); Section 4 reports and
discusses the results; Section 5 presents the conclusion and policy implications; and Section 6
provides limitations and guidelines for future studies.

2 CONCEPTUAL FRAMEWORK AND LITERATURE REVIEW

2.1 Review of the concept and literature

Generally, borrowers’ or clients’ turnover is of two types: forceful termination by MFIs (involun-
tary) and voluntary dropout by clients (Murphy, 2018). The factors triggering the intentional with-
drawal of borrowers fromMFIs include loan size, loan types, saving facilities, non-financial prod-
ucts, after-service monitoring, personal factors and poverty alleviation (Cohen, 2002; Escalante
& Rusiana, 2018; Meyer, 2002; Nayak, 2014; Pearlman, 2014). The intentional withdrawal from an
MFI is also affected by the service quality, the exponential competition at themarketplace, the rep-
utation of the institutions, the comparative cost of loans, etc. Moreover, clients also refrain from
taking loans fromMFIs due to systemic and idiosyncratic shocks that lessen their financial capac-
ity and eventually decrease possibilities to retain their membership in the MFI (Dackauskaite,
2009). On the other hand, the turnover of the borrowers in any MFI also relies on the overall
organizational and financial performance and efficient management capabilities of the institu-
tion. Sometimes, MFIs allegedly drop bad borrowers to salvage their financial performance from
being affected by poor loan quality. In addition to that, several studies also highlighted organiza-
tional failures, idiosyncratic shocks and/or systemic shocks, client maturity, and market compe-
tition as factors leading to the dropout of customers fromMFIs (Hulme et al., 1999; Pagura, 2004;
Pagura et al., 2001; Siliki, 2013).
Over time, the increase of new entrants and growth of the microfinance industry has increased

competition amongMFIs. According to Cumming et al. (2017), themicrofinance sector has under-
gone significant changes over the last four decades. At the moment, the industry has become
more diversified sector-wise, has a more heterogeneous clientele, and has become more complex
in terms of popularity of its institutional arrangements. The invasion of the microfinance market
by profit-oriented commercial banks has further intensified the competition since the year 2000
(Assefa et al., 2013; Kar, 2016). Despite the competition being regarded as a stimulating factor for
product market development, innovation and efficiency according to the classical economic the-
ory, it may be detrimental to the status of MFIs as a mission-driven institution (Hossain et al.,
2020). This profit-oriented competition among MFIs diminishes their service quality, induces
their reluctance to promote their product quality, deteriorates relationship with customers, and
restrains efficiency of the management (Khavul, 2010).
The profit-driven motive of MFIs has augmented the number of micro-financial providers in

the market. Not only has the emergence of new entrants enhanced the competition in microfi-
nance, but had also resulted in mission drift problems as the majority of them prioritize financial
sustainability over outreach goals. Surprisingly, only a few MFIs in the world have been focus-
ing more on customer welfare, as opposed to the profit maximization motive exhibited by other
MFIs (Churchill, 2000; Islam, 2011). The profitability of MFIs is largely dependent on the satis-
faction and loyalty of its clients (Nawaz, 2010; Shahriar, 2012). When existing clients are satisfied
with the treatment by MFIs, they tend to play ambassadorial roles for them. In their conversation
with others, they subconsciously advertise the MFIs, leading to an increase in the number of cus-
tomers and the realization of more profits (Kotir & Obeng-Odoom, 2009; Shahriar, 2012). How-



F IGURE 2 Conceptual framework
of borrower turnover in MFIs [Colour
figure can be viewed at
wileyonlinelibrary.com]

ever, to become sustainable in the competitive environment, MFIs usually adopt an aggressive
operational approach to book new accounts for their institutions (Cull et al., 2009; Melik, 2010;
Morduch, 1999), which may, to some extent, result in a lesser focus on the welfare of existing
clients; therefore, resulting in even higher turnover problems.
Since microfinance remains an integral part of a country’s economic system, the success and

failure of MFIs are contingent upon many external factors including macroeconomic and insti-
tutional factors (Ahlin et al., 2011; Inekwe, 2019; Tanin et al., 2019). As an instance, studies have
discovered the effect of macroeconomic factors (e.g., GDP growth, financial sector development,
inflation, institutional quality, etc.) on the financial performance (Imai et al., 2011; Schulte &Win-
kler, 2019), social outreach (Awaworyi Churchill, 2019a; Mia & Lee, 2017) and innovation (Babu,
2016; Mia, 2020b; Mustafa et al., 2018) of MFIs. As such, the assessment of borrowers’ turnover
would be incomplete without due consideration of the macroeconomic factors.
Considering the lending mechanism of microfinance and the above discussion, the factors

influencing borrowers’ turnover can be categorized into four: individual, organizational, market
level andmacroeconomic. Since individual characteristics are beyond the scope of this study, only
the three factors of borrower turnover in MFIs are considered. The conceptual framework of this
study is depicted in Figure 2.
Studies encompassing the understanding of the factors of borrowers’ turnover is limited, par-

ticularly from an institutional and macroeconomic perspective. The empirical study of Rahman
andRahman (2014) in the context of Bangladesh showsmyriad reasons compelling clients to leave
MFIs. These factors include the high-interest rate on loans but lowon savings, the conflict between
medium and small size loans, cancellation of membership, the sudden death of clients, religious
issues, unprofessional behavior of loan officers, natural disasters, and lack of industrial regulatory
policies, quality services, product facilities, and cooperation. In Zimbabwe, the empirical study by
Pearlman (2014) shows the growing rate of clients’ exit from MFIs. However, it is worth noting
that not all clients are loan defaulters since income, wealth, and shock incidence force clients
to exit from MFIs. Analyzing a large sample in the Malawian context, Epstein and Yuthas (2013)
observed that client retentionwas significantly higher in ruralmarkets, with the dropout of clients
fromMFIs being detrimental to financial sustainability. In South Africa, clients detach fromMFIs
for many reasons, including death or illness of family members, conflict in the family, disaster
occurrence, collapse of the business and fortnightly payment systems (Simanowitz, 2000).



2.2 Selection of variables

In this section, we outline and discuss the specific independent (organizational) and control (mar-
ket andmacroeconomic) variables to explore the possible relationship existing between extant lit-
erature and theories on BTR. Moreover, the inclusion and discussion of the independent/control
variables are dependent on the availability of the data.
The efficiency wage (EW) is one of the crucial organizational factors that may affect the bor-

rower turnover. The term EW refers to a value higher than the market average wage. In the event
of lower wages, the proportion of high-quality workers willing to take the job will also be lower,
and contrastingly, higher wages will motivate employees to give their best efforts (Solow, 1979).
The essence of the EW theory is that wages are not fully determined by market forces and that
higher wages potentially improve the well-being of workers and increase their productivity. As
such, employees will try their level best to achieve organizational goals. Moreover, an attractive
wage rate decreases employee turnover and increases labor quality and productivity due to incen-
tive effects (Cheng &Xu, 2004). Thus, it is expected that remuneration above themarket level will
enhance staff morale and encourage them to put in their best in maintaining existing clients. As
such, a negative relationship between the EW and BTR is hypothesized in this study.
With the emergence of several MFIs and rapid growth in the microfinance industry globally,

the staff of MFIs will also have options to switch from one institution to another. One of themajor
drawbacks of staff turnover (STR) is the depletion of human capital and skills. The dropout of
employees from institutions sometimes affects borrowers’ dropout (Ahmed et al., 2016; Bilau et al.,
2015), as borrowers may lose interest in the firm following the departure of their loan officers.
Moreover, when existing employees are replaced by new ones due to employee turnover (volun-
tary or involuntary), the incumbent employees may provide accurate and bad news about their
repayment prospects to the management, thereby, resulting in a more forceful expulsion by the
MFIs. A similar outcome has been recorded in the studies of Hertzberg et al. (2010); whereby, a
successor reports more accurate and negative information about borrowers’ repayment history,
owing to the lack of consequences on his/her career. Thus, regardless of the type of employee
turnover, a positive association between STR and BTR is expected.
Since the inception ofmicrofinance, the global client base has always been dominated by female

folks (Mia, 2020a). Compared to male clients, female clients are more inclined to repay loans
without being acclaimed defaulters and this significantly augments the profit margin of MFIs
(Abdullah&Quayes, 2016). Studies have shown that female borrowers have better-repaying record
than their male counterparts, resulting to an acceleration in the financial performance of MFIs
(Gibbons & Kasim, 1991; Hossain, 1988; Hulme, 1991; Hulme & Mosley, 1996; Khandker et al.,
1995). MFIs would, therefore, continue to keep the dropout of their female clients in check at
all costs. Nonetheless, female clients are considered more loyal in microfinance lending (Velasco
& Marconi, 2004); hence, a higher percentage of female borrowers (PFB) would have a negative
effect on the overall BTR.
The financial services of microfinance are rendered to borrowers through loan officers serv-

ing as nexuses between institutions and borrowers. Loan officers usually play eminent roles in
ensuring that the dual objectives of microfinance, namely institutional sustainability and social
outreach of financial services are realized. Moreover, the reason for borrower turnover greatly
depends on the quality of services and borrower–loan officer relationship. A crucial study by
Drexler and Schoar (2014) documented that if the loan officers of a particular borrower are on
leave (or dropout), the borrower’s access to loans from the same bank become difficult, prompt-



ing them to turn to a different institution/bank. In this regard, MFIs are more eager to recruit
female loan officers, since their client base is female dominated. Compared to their male coun-
terparts, female officers are considered to be better in handling andmonitoring female customers
and are closer to them, preventing their dropout (Ghosh & Guha, 2019). This phenomenon is
better explained by the gender-similarities hypothesis in the microfinance context (Mia, 2020a).
Moreover, due to short-term nature of the loan and its frequent payment installments (weekly or
monthly), clients of MFIs frequently meet with their loan officers, consequently building their
loyalty (Godfroid, 2019). Once such a relationship has been established between the clients and
loan officers, it becomes unlikely for clients (e.g., female) to abandon the MFI. Thus, a negative
relationship is expected between the female loan officers (PFLO) and the BTR.
MFIs require financial sustainability to cover their costs from revenue and reduce dependency

on external sources of funding. However, a deterioration in financial sustainability will result
in lower service quality and weakening of the MFI–borrower relationship (Hossain et al., 2020).
Moreover, a financially sustainable MFI would be able to invest in product development, employ-
ment benefits, training and other associated programs that will ultimately enhance their com-
petitiveness in the industry. Thus, it is expected that the operational-self-sustainability (OSS) will
have a negative effect on the BTR.
Moreover, the cost of loan interest rates (which is a proxy of the portfolio yield, PY) is one of

the important determinants dictating the switch of borrowers from one MFIs to another. Gener-
ally, microfinance borrowers are mostly located at the bottom of the pyramid in the society. This
category is mostly unemployed or earns very little income that barely covers their basic needs.
Although the financially excluded category will prefer to take loans from relatively less stringent
MFIs by projecting their financial demands to upgrade their status in the society, responsible bor-
rowers will always make decisions based on the cost and benefits of taking loans. If the cost of a
loan is high (in terms of the charged interest), acceptance of such loan becomes irrational, con-
sidering its cost and benefit. Thus, on the occasion where an MFI charges relatively high-interest
rates for its loans, borrowers become demotivated to take loans from theMFI. Therefore, a positive
relationship between PY and BTR is expected.
The two potential outcomes of the loan size (ALBGNI) and borrower turnover are hypothesized

in this study. First, in the desperate attempt of borrowers to improve their status, they seek larger
loan amounts (higher loan size), resulting in their switch from the existing MFI to a new one,
which is often driven by Maslow’s hierarchical need theory. Maslow’s need theory has been uti-
lized in the demonstration of borrowers’ financial and social requirements, poverty alleviation,
empowerment and funding gaps (Brau et al., 2015; Hadi et al., 2015). Microfinance borrowers
often believe that securing higher loan amounts would help them in achieving higher produc-
tivity. However, MFIs are skeptical towards disbursing higher loan amounts, if set institutional
requirements are not fulfilled by borrowers. Thus, if the offered loans by MFIs are lower than
demand, borrowers may switch to other financial institutions for larger loans. Second, there is
ample research explicating why MFIs charge high interest rates, a part of which is as a result of
the high cost of lending due to a small loan amount (Abrar, 2019; Al-Azzam & Parmeter, 2019).
Studies also discovered that larger loan amounts reduce operating costs and increase the profit
margin of MFIs (Mersland & Strøm, 2010). As a result, MFIs try to offer large-scale loans to
minimize their operating costs, a phenomenon known as mission drift. Since the majority of
MFI clientele are either poor or extremely poor, loan pushing (to take larger loan) of MFIs may
demotivate the borrowers from continuing with them, if the loan offered is significantly higher
than their requirement. This is true in a sense that poor people usually have less appetite for larger



loans. Therefore, from the borrowers’ perspective, the loan size is an influencing factor propelling
their switch from one institution to another, owing to the insufficiency or relatively high loan size.
Product diversification, continuous credit demand, donations, and international organizations’

promotion of financial inclusion have supported the rapid growth of severalMFIs worldwide, par-
ticularly since 2005 (Cull &Morduch, 2017; Mia et al, 2019).5 The increase in the size of MFIs may
lead to economies of scale and better performance, which ultimately reduce borrower turnover
(Copestake, 2007). As an instance, large MFIs can take advantage of their extensive facilities,
diverse workforce, product varieties and vast network to retain their clients. Furthermore, large
size also allows firms with bargaining power to manage their supplier and clients (Dean et al.,
1998). On the other hand, largerMFIs struggle with the coordination of their various departments
and concentrate less on client’s welfare. In contrast, smaller firms are favored with the initiation
of aggressive competitive challenges, speedy delivery of services and prompt execution of busi-
ness strategies over their bigger counterparts (Ha-Brookshire, 2009). Given the aforementioned,
a positive association may also exist between firm’s size and borrower turnover. Therefore, a mix
(positive and negative) association between size of MFIs (SIZE) and BTR is anticipated in this
study.
Considering the overall repayment collection, the microfinance industry has been able to man-

age high repayment rates with the aid of group lending mechanisms; however, the presence of
bad loans in their portfolio still persists. Higher loan write-off ratios (WRTOFFR) will eventually
result in the lower financial performance of MFIs due to their inability to recover principal loans
and associated interest rates (Schäfer & Fukasawa, 2011). Since the attainment of financial sus-
tainability has become one of the core objectives of MFIs in recent years (Awaworyi Churchill,
2019b), management of MFIs may allegedly drop vulnerable clients that are unable to maintain
the repayment schedule. Thus, it is expected that a higher WRTOFFR will eventually result in a
higher BTR in a bid to maintain the financial sustainability of MFIs.
To better understand the dynamics between the financing/capital structure and borrower

turnover, two important variables have been included in our analysis, namely capital asset ratio
(CAR) and debt to equity ratio (DTE). While MFIs face considerable challenges in funding their
microfinance programs, equity capital contributed by donors and investors remains a significant
source of funding for MFIs (Tchuigoua, 2016). Majority of the equity investors are interested
in expanding microfinance loan programs to a wider audience and often do not require higher
returns from such investments. Thus, it is assumed that higher equity financing will focus more
on expanding the clients base and retaining existing clients through various incentives to the
borrowers. Therefore, a negative relationship between CAR and BTR is expected. On the other
hand, many MFIs also dependent on debt financing which usually comes with stringent require-
ments, higher costs and short repayment period. Nonetheless, a high DTE will also reflect the
high indebtedness and insolvency of MFIs (Omare, 2019). Thus, MFIs may take precautions by
filtering out bad borrowers and imposing stringent requirements on its clients. As a result, MFIs
may expel clients who are susceptible to default. Thus, a positive association between DTE and
BTR is envisaged.
Analyzing the borrower turnover ofMFIswould be incompletewithout controlling themacroe-

conomic factors, as performance ofMFIs also depends on country-wise context (Ahlin et al., 2011).
As such, commonly used macroeconomic variables, namely Growth Domestic Product Growth

5United Nations declared 2005 the year of microcredit. Subsequently in 2006, Professor Yunus along with his Grameen
Bank’s associates received the Nobel Peace Prize. These recognitions attracted financial and technical contribution of
several investors and donors to various MFIs worldwide, resulting in the rapid growth of global MFIs.



(GDPG), inflation (INFL), unemployment rate (UEM), ForeignDirect Investment (FDI), and Real
Interest Rates (RINT) were included in this study as control variables. An overall expansion of
the economy and the FDI will expand economic activities and potentially increase the demand
for domestic credit (Nguyen et al., 2018; Ramírez Guerra, 2017); hence, it is expected that borrow-
ers will continue to take loans, resulting in a negative effect on borrower turnover. Nonetheless,
an overall expansion of the economy inspires financial and economic activities, which facilitates
potential demand in the domestic financial market, resulting in the adequate presence of MFIs
and financial intermediaries. Economic growth also promotes inclusive financial affairs to maxi-
mize financial outreach to people in general. The increase in inflation and real interest rates will
reduce demand for credit as borrowing will become more expensive (Maiti et al., 2020; Nguyen
et al., 2018), resulting in borrowers quitting MFIs and an overall increase in the turnover rate.
However, higher unemployment on the other handwill motivate people to venture into new busi-
nesses, resulting in an increase in demand for credit and a lower turnover.
Our study also includes one of the market-level variables (competition) as a control to bet-

ter understand the borrower turnover. The level of competition and its implication to borrower
turnover gets more complex nowadays with the surge of formal financial institutions tapping into
themarket. Competitionmay forceMFIs to exclude poor borrowers from their list, and offer large
loan amounts to safe andwealthy clients (Jia et al., 2016). This, in turn, results in the non-voluntary
drop out of clients. As a result, a change in lending operations due to intense competition in the
market may affect the provision for small loans and the number of active borrowers ofMFIs (Hos-
sain et al., 2020). Consequently, borrowers often become influenced by the competition in the
market, which ultimately leads them to switching from one MFI to another. Hence, competition
within the microfinance industry and overall financial industry have been expressed in terms of
the Herfindahl–Hirschman Index (HHI, net loans outstanding) and BOONE indicators respec-
tively, and both of the variables are considered in this study.

3 METHODOLOGY

3.1 Modelling the borrower turnover of MFIs

Given the objective of the study and discussion above, the following empirical expression of the
model is considered:

BTR𝑗,𝑖,𝑡 = 𝛽0 + 𝛽1𝐸𝑊𝑗,𝑖,𝑡 + 𝛽2𝑆𝑇𝑅𝑗,𝑖,𝑡 + 𝛽3𝑃𝐹𝐵𝑗,𝑖,𝑡 + 𝛽4𝑃𝐹𝐿𝑂𝑗,𝑖,𝑡 + 𝛽5𝑂𝑆𝑆𝑗,𝑖,𝑡 + 𝛽6𝑃𝑌𝑗,𝑖,𝑡

+ 𝛽7𝐴𝐿𝐵𝐺𝑁𝐼𝑗,𝑖,𝑡 + 𝛽8𝑊𝑅𝑇𝑂𝐹𝐹𝑅𝑗, 𝑖, 𝑡 + 𝛽9𝐿𝑁𝑆𝐼𝑍𝐸𝑗,𝑖,𝑡 + 𝛽10𝐶𝐴𝑅𝑗,𝑖,𝑡

+ 𝛽11𝐷𝑇𝐸𝑗,𝑖,𝑡 + 𝛽12𝐻𝐻𝐼_𝐿𝑗,𝑖,𝑡 + 𝛽13𝐵𝑂𝑂𝑁𝐸𝑗, 𝑡 + 𝛽14𝐺𝐷𝑃𝐺𝑗, 𝑡 + 𝛽15𝐼𝑁𝐹𝐿𝑗, 𝑡

+ 𝛽16𝑈𝐸𝑀𝑗, 𝑡 + 𝛽17𝑅𝐼𝑁𝑇𝑗, 𝑡 + 𝛽18𝐹𝐷𝐼𝑗, 𝑡 + 𝜀𝑗,𝑖,𝑡 (1)

whereBTR is the percentage of clients that leave a particularMFI denoted by i, located in a country
j at a given year t. The original dataset reported the borrower retention rate (BRR).6 However, for

6 Active borrowers at the end of the reporting period divided by the sum of active borrowers at the beginning of the report-
ing period and new borrowers during the reporting period.



ease of analysis and interpretation,wehave recalculatedBTRusing the 1−BRR formula.7 The 𝜀𝑗,𝑖,𝑡
denotes the error term. The expected relationship between dependent and independent variables
are discussed in light of the existing theories and literature in the previous section; hence, they
are not discussed here again. However, the definitions of each of the variables and their expected
sign in relation to borrower turnover are reported in Table 1.
Since the study deals with panel data, Equation (1) can be estimated in several ways such as the

random effect model (REM) and fixed effect model (FEM). To identify themodel that better fits in
our study, the Hausman test was performed. Moreover, the robust standard errors have also been
estimated to overcome any potential heteroskedasticity in the REM and FEM models. The year
and regional effect has also been considered in the estimation of Equation (1), stated otherwise.
Apart from running the static model, this research also employs the two-step system general-

ized method of moments (GMM) of Arellano and Bover (1995), and Blundell and Bond (1998), to
minimize endogeneity issues, obtain unequivocal estimators and examine the dynamic relation-
ship between BTR and other factors of MFIs for robustness purposes. One reason for employing
theGMMin this study is due to the presence (suspected) of the simultaneity bias,whichmay result
in endogeneity issues. As an instance, it is suspected that the BTRmay affect the financial perfor-
mance of MFIs, particularly OSS and WRTOFFR. For example, on the occasion an MFI observes
a high level of borrower turnover, no financial transactions including loan disbursements, inter-
est payments and other financial activities will be observed with the dropped-out clients. Thus,
higher BTRmay also affect OSS andWRTOFFR. Moreover, the static model estimated above may
also suffer from variable selection bias; thus, employing theGMM to estimate the coefficient value
of each of the earlier included independent variables would overcome such issues (if there is any).
Moreover, the system GMM is more efficient as it carries small variances, which consequently

encourages accurate estimation (Blundell & Bond, 1998). This is owing to the fact that the two-
step system GMM runs two equations simultaneously: first step, in levels, lagged first differences
are considered as instruments; and second step, in first differences, lagged levels are considered
as instruments (Ahamed & Mallick, 2019). In the following conditions, the GMM is more appro-
priate: (i) when T is small and N is large (N > T), (ii) when the nature of the dependent variable
is dynamic, (iii) when control variables might correlate with the error term, and (iv) when het-
eroskedasticity can be observed in the data (Ahamed & Mallick, 2019; Azmi et al., 2019; Blundell
& Bond, 1998). All highlighted conditions are relevant to our dataset. Hence, the two-step sys-
tem GMM can provide a more accurate estimation after endogeneity, serial correlation, and het-
eroskedasticity issues have been controlled. TheHansen (1982) test of over-identificationwas used
to test the validity of the instruments with a null hypothesis of no-correlation between residual
and instrumental variables. The Arellano–Bond (AR 2) test with a null hypothesis of no second-
order autocorrelation was considered in the identification of the second-order serial correlation.

7 Generally, borrower turnover rate can be considered as the opposite of the borrower retention rate.



TABLE 1 Definition of variables

Variable Definition Expected sign
BTR 1 − BRR
EW Average personnel expense / GNI per

capita of an MFI minus industry
(global) mean value of the same
variable

−

STR Percentage of staff (permanent and
contract) that have left the financial
institution during the last reporting
year divided by the average number of
permanent and contract staff for the
period

−

PFB Percentage of female borrowers −

PFLO Percent of female loan officers −

OSS Financial revenue / (Financial expense +
Net impairment loss + Operating
expense)

−

PY Financial revenue from loan portfolio /
Average gross loan portfolio

+

ALBGNI Average loan balance per borrower / GNI
per capita

+/−

WRTOFFR Value of loans written-off / Average gross
loan portfolio

+

LNSIZE Natural logarithm of tangible assets that
are held by an MFI for use in the
production or supply of goods or
services, or for administrative purposes

+/−

CAR Capital asset ratio is Total equity / Total
assets

−

DTE Debt to equity ratio is the ratio of Total
Liabilities / Total Equity

+

HHI The Herfindahl–Hirschman Index is
defined as the sum of the squared
market shares based on the loan
portfolio of the MFI in the relevant
market.

−

BOONE The Boone indicator is a measure of
competition and is expressed as the
elasticity of profits to marginal costs.

+

GDPG Annual growth of gross domestic product −

INFL Inflation rate (annual), Consumer prices +

UEM Unemployment, total (% of total labor
force) (modeled ILO estimate)

−

FDI Foreign direct investment, net inflows (%
of GDP)

−

RINT Real interest rate (%) +

Source: Author’s compilation from theMIXMarket metadata, World Development Indicators (WDI) andWorld Governance Indi-
cators (WGI).



The empirical expression of the GMM is as follows:

BTR𝑗,𝑖,𝑡 = 𝛽0 + 𝛽1𝐵𝑇𝑅𝑗,𝑖,𝑡−1 + 𝛽2𝐸𝑊𝑗,𝑖, 𝑡 + 𝛽3𝑆𝑇𝑅𝑗,𝑖, 𝑡 + 𝛽4𝑃𝐹𝐵𝑗,𝑖, 𝑡 + 𝛽5𝑃𝐹𝐿𝑂𝑗,𝑖, 𝑡

+ 𝛽6𝑂𝑆𝑆𝑗,𝑖, 𝑡 + 𝛽7𝑃𝑌𝑗,𝑖, 𝑡 + 𝛽8𝐴𝐿𝐵𝐺𝑁𝐼𝑗,𝑖, 𝑡 + 𝛽9𝑊𝑅𝑇𝑂𝐹𝐹𝑗,𝑖, 𝑡 + 𝛽10𝐿𝑁𝑆𝐼𝑍𝐸𝑗,𝑖, 𝑡

+ 𝛽11𝐶𝐴𝑅𝑗,𝑖, 𝑡 + 𝛽12𝐷𝑇𝐸𝑗,𝑖, 𝑡 + 𝛽13𝐻𝐻𝐼_𝐿𝑗,𝑖, 𝑡 + 𝛽14𝐵𝑂𝑂𝑁𝐸𝑗, 𝑡 + 𝛽15𝐺𝐷𝑃𝐺𝑗, 𝑡

+ 𝛽16𝐼𝑁𝐹𝐿𝑗, 𝑡 + 𝛽17𝑈𝐸𝑀𝑗, 𝑡 + 𝛽18𝑅𝐼𝑁𝑇𝑗, 𝑡 + 𝛽19𝐹𝐷𝐼𝑗, 𝑡 + 𝜀𝑗,𝑖,𝑡 (2)

Furthermore, the key dependent variable of our interest (BTR) is continuous and confined
within the range of 0 to 1; hence, fractional Probit and Beta regression have also been estimated
(Equation (1)) in conjunction with the existing studies (Dorta, 2016; Ferrari & Cribari-Neto, 2004)
and are reported in Section 4.

3.2 Data and sources of data

To execute the research objectives of this study, the secondary data of organizational level char-
acteristics of MFIs including gender diversity was required. Although a handful of domestic (e.g.,
data from theMicrocredit Regulatory Authority of Bangladesh) and global sources (CGAP, World
Bank FinDex data, etc.) exist, the Microfinance Information Exchange (MIX) market remains the
world’s largest platform forMFI-related data. Due to the credible, extensive and standardized data
provided by theMIXMarket, it has been extensively used by researchers across the globe. Galema
et al. (2011) reported that MIXMarket data are converted to contemporaneous exchange rates and
closely monitored to ensure the provision of valid and authentic data by the participating MFIs.
Moreover, it has also been acknowledged that the MIX market dataset is the representative ran-
dom sample of best managedMFIs across the world (Krauss &Walter, 2009). Hence, data of MFIs
from the MIX market was employed in this study. What is worth noting about this dataset is its
collaboration with the World Bank to release more comprehensive data for free since late 2019.
This initiative has been applauded by researchers and academics that extensively rely on such
databases for assessing various aspects of MFIs performance.
The dataset is relatively huge; thus, some filtering techniques allowing the better use of quality

data was employed. It is also worth noting that the data supplied by financial service providers
(FSP) also known as MFIs, to the MIX Market is voluntary, resulting in them being inconsistent
throughout the years. This translates to the fact that many MFIs do not provide data every year,
resulting in imbalance. To better understand the dynamics of the borrower turnover and other
associated factors, an attempt was made to capture those MFIs that consistently provided data to
the MIX Market over the years.
Our initial exploration revealed that prior to 2010, there was hardly any data related to bor-

rower turnover, which partly explains the absence of such analysis in literature in the early 2000s.
Nonetheless, the dataset was still incomplete in 2019; hence, the sample period between 2010 and
2018 was selected. Sequel to the execution of the relevant program in Stata (14 version), a total of
235 MFIs were initially observed to have sufficient data in the chosen study period. Although the
total sample was 235, a slight reduction was observed when the regression analysis was consid-
ered, owing to missing data of several variables. A similar outcome was also observed in the study
by Kar and Swain (2018). Hence, the exact number of groups being used in each of the regression
columns in Section 4 have been reported. Additionally, the World Bank catalogue provided the



TABLE 2 Descriptive statistics

Variable Obs. Mean Std. Dev. Min Max
BTR 1,381 0.222 0.116 0.010 0.450
EW 1,938 0.000 2.397 −2.752 5.248
STR 1,720 0.205 0.147 0.020 0.560
PFB 1,936 0.684 0.239 0.290 1.000
PFLO 1,800 0.369 0.250 0.000 0.880
OSS 2,027 1.179 0.182 0.880 1.600
PY 1,989 0.240 0.143 0.080 0.620
ALBGNI 2,016 0.552 0.640 0.040 2.430
WRTOFFR 1,889 0.018 0.023 0.000 0.080
LNSIZE 2,045 13.301 1.794 9.965 16.288
CAR 2,058 0.270 0.181 0.080 0.740
DTE 2,038 4.272 3.031 0.290 11.350
HHI_L 2,100 0.389 0.285 0.095 1.000
BOONE 2,088 -0.071 0.060 −0.164 0.036
GDPG 2,115 4.627 2.262 0.099 7.996
INFL 2,115 4.984 2.923 0.417 11.804
UEM 2,106 5.243 3.215 0.771 13.105
RINT 1,593 6.782 5.610 −0.876 19.976
FDI 2,115 3.243 2.956 0.383 11.097

Source: Based on World Bank data.

financial and company metadata of MFIs in a separate excel file, and these have been combined
in a single file based on the MFI’s unique identification number.
Apart from the MIX Market data, our study also utilized other secondary databases related

to macroeconomic and market-level (Competition-Boone Indicator) factors. The macroeconomic
and market-level variables (BOONE) were obtained from the World Development Indicators
(WDI) and World Governance Indicators (WGI) of the World Bank.

3.3 Descriptive statistics and multicollinearity

To minimize the effect of outlier in the results, the variables have been winsorized at the 5% and
95% percentile levels, as a conventional practice. The winsorized descriptive statistics is reported
in Table 2, which reveals the average borrower turnover rate (BTR) as approximately 22% in the
global microfinance market and could rise to a staggering 45%. In contrast, the average staff
turnover rate (STR) is approximately 20%, which is lower than the BTR in our sample. In terms
of efficiency-wage (EW), the mean value is positive, depicting the existence of MFIs that provide
wages above themarket level. That being noted, there are alsoMFIs payingwageswhich are lower
than the industry average, as theminimum value is negative. Our dataset also revealed an average
of 68% female borrowers (PFB) with a mere 37% female loan officers (PFLO). Interestingly, there
are also MFIs having no PFLO, as the minimum value is 0; however, the sample has a minimum
of 29% PFB.



With regards to competition within the microfinance industry, it is quite modest as a mean
value of HHI_L = 0.389 is observed (the maximum value of 1 indicating a purely concentrated
market). Moreover, a negative mean value of BOONE also indicates the relative competitiveness
of the overall financial industry in the selected countries. Our sample also included countries that
have observed a relatively highGDP growth, as themaximumvalue is approximately 8%. Inflation
is quite modest, as the value ranges from 0.417 to 11.804. Moreover, a great variation could also be
observed in the real interest rates (RINT), as theminimum andmaximum values were−0.876 and
19.976 respectively. A positive net FDI value indicates that the sampling countries have received
more FDI inflows than outflows.
To test for the presence of multicollinearity in the regression analysis, the pairwise correlation

and variance inflation factors (VIF) were estimated (see Table 3). The values of the VIF and pair-
wise correlation were observed to be within the conventionally acceptable limit (usually 0.8 and
10 for pairwise correlation and VIF respectively), indicating the lack of multicollinearity.

4 RESULTS AND DISCUSSION

4.1 Static model

After running the regression analysis for Equation (1) both by FEM and REM, the results indicate
that the REM is preferred over FEM for all models. Thus, we discuss the main findings of this
study based on the REMmodel. The overall significance of the estimated models and explanatory
power measured by Chi2 and R2 respectively, can be considered satisfactory (see Table 4, REM
models). Around 19% of the variations in dependent variables can be explained by the included
independent variables (REMmodels).
Table 4 shows that the coefficient of efficiency-wage (EW) is negative and statistically signif-

icant on the borrower turnover rate (BTR) across the models, indicating that higher wages will
reduce borrowers’ turnover in MFIs. This result suggests that the efficiency-wage scheme has an
incentive effect on capable employees by encouraging them to render quality services to the bor-
rower, thereby reducing borrower turnover. Our findings on the lower borrower turnover effect of
efficiency wage is consistent with the arguments of Giménez-Nadal et al. (2020) and Cheng and
Xu (2004), who remarked that an efficient structure of wages provides better services to clients
and enhances their loyalty.
On the other hand, positive and statistically significant coefficients of staff turnover indicate the

dropout of some borrowers along with members of employee, highlighting the effect of long-term
employee–client interpersonal relationships. This finding is also consistent with the aforemen-
tioned efficiency-wage hypothesis, in that attractive wages incentivize employees to build a long-
term relationship with clients (Cheng & Xu, 2004). Since the operational self-sufficiency (OSS) of
MFIs is regarded as a long-term sustainability indicator, a negative and significant relationship
with the borrower turnover was observed at all conventional significance levels. This implies the
ability of financially well-off MFIs to invest in quality products and services to help retain their
customers.
Our study also revealed a positive and statistically significant effect of ALBGNI and WRTOFF

to BTR. This outcome, to our knowledge can be explained in the following way: First, the pos-
itive effect of ALBGNI could be associated with the mission drift of MFIs, which involve their
provision of large-scale loans to their clients in a bid to minimize the cost of loans delivery
and installments collection. Studies have revealed that operating smaller loan size increases the
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overall operating expenses of MFIs (Ek, 2011; Rosenberg et al., 2013) and thus negatively affect
their financial sustainability. Therefore, MFIs may allegedly engage in “loan-pushing” activities,
in which a client is forced to take larger loans. In this case, if the expected loan amount is larger
than the amount requested, the borrower may become disinterested in the transaction and ulti-
mately withdraw from that particular MFI. Second, the statistically significant and positive effect
of WRTOFF on BTR reflects the need for MFIs to drop verified bad borrowers (defaulted, irreg-
ularities in repayment, etc.) to maintain better financial performance. All financial institutions
learn about their borrowers’ repayment habit after granting them a loan (Marquez, 2002), thus
enabling their classification into either bad or good borrowers in subsequent loans. Borrowers
guilty of poor repayment behavior are deemed unworthy for future financial transactions and are
subsequently excluded by MFIs. This action of alleged expulsion by MFIs may be justified, as the
amount of loans is not sufficiently (or not at all) covered by the collateral (physical) (Rosenberg
et al., 2013).
Besides, it was discovered that a higher DTE results in a lower turnover, as the coefficient sign

is negative and statistically significant inmodels 1 and 3, which is in contrast to our a priori expec-
tation. However, in control of themarket for macroeconomic factors, the statistical significance of
DTE is lost. Unfortunately, gender diversity (loan officer and borrowers’ level), portfolio yield, cap-
ital asset ratio and size were not found to be statistically significant in any of the models reported
in Table 4.
We also found interesting result of market level factors on BTR. Considering the competition

levels in the overall financial industry, a significant effect of BOONE indicators on borrowers’
turnover has been discovered in this study. This implies that a higher competition in the financial
industry will result in more options for existing borrowers, making it easy for them to switch to
formal financial institutions. This becomes even more justifiable as other financial lenders have
invested in microfinance businesses and are pursuing lower-end retail banking to wider audi-
ences (Galema et al., 2011; Littlefield & Rosenberg, 2004). With respect to this, the findings of
Vanroose and D’Espallier (2013) also indicated that MFIs compete with banks in countries having
well-developed financial system. Additionally, existing studies have also hinted at possible loan
poaching in microfinance lending (Wisniwski, 2010); whereby, suppliers of microloans compete
to attract borrowers from each other including formal financial institutions that are keen on tap-
ping into this segment of the market.
In terms of macroeconomic factors, our findings are in line with existing theories that higher

GDP growth will result in more business opportunities for entrepreneurs; hence, it becomes
highly unlikely for them to leave MFIs, as indicated in the negative and statistically significant
relationship existing between GDP growth and BTR. On the other hand, the RINT and FDI were
found to have positive and statistically significant effects on the BTR. A plausible explanation is
that an increasing overall interest rate will result in an increase in the overall cost of business, the
outcome of which may prompt borrowers to discontinue taking loans. Moreover, there is a com-
mon belief that an increase in the FDI will result in more job creation locally (Abor & Harvey,
2008; Rozen-Bakher, 2017). Although this is not definitive, it is believed that some borrowers may
discontinue their entrepreneurial businesses (discontinue loans with MFIs) and turn to opportu-
nities created by higher FDI flows in different sectors.

4.2 Robustness test: Dynamic panel and fractional regression

So far, the static relationship of various factors with the BTR has been discussed. Table 5 gives
the estimation results of the two-step system GMM model (Equation (2)). The higher p value of



TABLE 5 Factors affecting the borrowers’ turnover of MFIs (two-step system GMM)

Model 7

Dependent variable: Borrower turnover rate

Organizational factors

BTRt-1 0.176***(0.067)

EW −0.028***(0.008)

STR 0.167***(0.057)

PFB 0.065
(0.130)

PFLO 0.065
(0.066)

OSS −0.208***(0.061)

PY 0.035
(0.095)

ALBGNI 0.083*(0.047)

WRTOFFR 1.708***(0.546)

LNSIZE 0.003
(0.011)

CAR −0.082
(0.094)

DTE −0.010**

(0.005)

Market level factors

HHI_L 0.037
(0.075)

BOONE 1.562***(0.519)

Macroeconomic factors

GDPG 0.006
(0.006)

INFL 0.012***(0.005)

UEM −0.000
(0.004)

RINT 0.006***(0.002)

FDI 0.007
(0.005)

Year effect Yes

CONS 0.255
(0.218)

Observations (group) 540 (148)

F-statistics 7.305

AR(1) (p-value) −3.15(0.000)

AR(2) (p-value) −1.12(0.262)

Hansen test (p-value) 124.383(0.326)

Source: Author’s estimate based on secondary data. Standard errors in parentheses.
*p < 0.10
**p < 0.05
***p < 0.01.



TABLE 6 Fractional regression analysis (fractional probit and beta regression)

Model (8) Model (9) Model (10) Model (11)
Dependent variable: Borrower turnover rate
Fractional probit regression Beta regression

Coefficient
Margins
(dy/dx) Coefficient

Margins
(dy/dx)

Organizational factors
EW −0.027***

(0.007)
−0.008***

(0.002)
−0.047***

(0.016)
−0.008***

(0.002)
STR 0.256***

(0.092)
0.078***

(0.028)
0.380*

(0.197)
0.067*

(.035)
PFB 0.096

(0.092)
0.029
(0.028)

0.347*

(0.205)
0.061*

(0.036)
PFLO 0.037

(0.065)
0.011
(0.020)

−0.080
(0.150)

−0.014
(0.026)

OSS −0.159**

(0.076)
−0.049**

(0.023)
−0.085
(0.148)

−0.015
(0.026)

PY 0.177
(0.130)

0.054
(0.040)

0.042
(0.284)

0.007
(0.026)

ALBGNI 0.112***

(0.031)
0.034***

(0.010)
0.181***

(0.069)
0.032***

(0.012)
WRTOFFR 4.027***

(0.595)
1.229***

(0.180)
7.183***

(1.187)
1.267***

(0.208)
LNSIZE 0.007

(0.008)
0.002
(0.002)

0.018
(0.016)

0.003
(0.003)

CAR −0.146
(0.121)

−0.045
(0.037)

−0.263
(0.252)

−0.046
(0.044)

DTE −0.018**

(0.007)
−0.005**

(0.002)
−0.034**

(0.014)
−0.006**

(0.002)
Market level factors
HHI_L −0.106*

(0.059)
−0.032*

(0.018)
−0.340***

(0.126)
−0.060***

(0.022)
BOONE 1.326***

(0.337)
0.404***

(0.103)
2.101***

(0.745)
0.370***

(0.132)
Macroeconomic factors
GDPG −0.017**

(0.007)
−0.005**

(0.002)
−0.034**

(0.015)
−0.006**

(0.003)
INFL 0.007

(0.005)
0.002
(0.001)

0.017*

(0.010)
0.003*

(0.002)
UEM −0.011**

(0.005)
−0.003**

(0.002)
−0.013
(0.011)

−0.002
(0.002)

RINT 0.006**

(0.003)
0.002**

(0.001)
0.012**

(0.006)
0.002**

(0.001)
FDI 0.006

(0.005)
0.002
(0.002)

0.028***

(0.011)
0.005***

(0.001)
(Continues)



TABLE 6 (Continued)

Model (8) Model (9) Model (10) Model (11)
Dependent variable: Borrower turnover rate
Fractional probit regression Beta regression

Coefficient
Margins
(dy/dx) Coefficient

Margins
(dy/dx)

Year effect Yes Yes Yes Yes
Regional effect Yes Yes Yes Yes
CONS −0.641***

(0.177)
−1.385***

(0.392)
Observations 791 791 791 791
Chi2 232.344*** 175.711***

Source: Authors’ estimate. Standard errors in parentheses.
*p < 0.10
**p < 0.05
***p < 0.01.
Note: dy/dx for factor levels is the discrete change from the base level.

the Hansen test reiterates the validity of instruments used, and no second order autocorrelation
exists as the p-value of AR(2) is also high. The statistically significant effect of lag BTR shows the
validity of our choice in running the dynamicmodel, as the current year’s BTR is dependent on the
previous year. Theoretically, a significant percentage of MFI loans are based on the group lending
mechanism (based on 4–5 members in a group) (Nkwocha et al., 2019); thus, on the departure of
a borrower, a chain of borrower turnover, at least within the group and probably with some time
lag is expected to occur.
Overall, the results indicate that even after dynamic model, the relationship sign and signifi-

cance levels for most of the independent variables with BTR does not really change, except for
a few. As an instance, the DTE remains statistically significant in GMM estimation, despite its
insignificance when macroeconomic variables were considered in the static models. Another
twist in the result was the coefficient sign of the GDPG (negative in static models but positive
in dynamic), which eventually becomes statistically insignificant. Similarly, the FDI becomes
insignificant in its effect on BTR (under GMMmodel), despite its coefficient signs being the same.
Unfortunately, the coefficient signs of the gender variables (e.g., client base) are in contrast to our
initial expectation and remain insignificant in both the static and dynamic panel models.
After running the fractional probit and beta regression based on Equation (1), the significance

and sign of the coefficient values remain almost same (except in a few) for organizational factors
reported earlier (Table 6). However, HH_L now becomes significant and reiterate that borrower
turnover will be lower in a concentratedmarket, as customers will have limited or no options. The
positive and statisticallymeaningful coefficient of the BOONEvariable further supports the claim.
The findings also substantiate earlier outcomes in terms of macroeconomic factors. Notably, the
positive and statistically significant effect ofUEM is in linewith our a priori hypothesis that higher
unemployment will lead to higher informal demand for credit, hence lower borrower turnover.
Furthermore, we find that under beta regression, inflation and FDI become significant, indicating
the importance of macroeconomic variables to explain the borrower turnover problem of MFIs.
Since we have estimated a number of models, their summary results are reported in Table 7.

Overall, we can say that the findings of EW, STR, OSS, ALBGNI, WRTOFFR, BOONE and RINT



TABLE 7 Summary of regression results

Variable REM GMM
Fractional
probit

Beta
regression Remarks

Organizational factors
EW √ √ √ √ Negative and statistically

significant across models
STR √ √ √ √ Positive and statistically

significant across models
PFB - - - √ Positive and statistically

significant only in beta
regression.

PFLO - - - - Mix but statistically insignificant
across models.

OSS √ √ √ √ Negative and statistically
significant across models

PY - - - - Positive but statistically
insignificant across models.

ALBGNI √ √ √ √ Positive and statistically
significant across models

WRTOFFR √ √ √ √ Positive and statistically
significant across models

LNSIZE - - - - Positive but statistically
insignificant across models

CAR - - - - Mix but statistically insignificant
across models.

DTE - √ √ √ Negative and statistically
significant except REM

Market level factors
HHI_L - - √ √ Negative and statistically

significant in fractional probit
and beta regression

BOONE √ √ √ √ Positive and statistically
significant across models

Macroeconomic factors
GDPG √ - √ √ Negative and statistically

significant except GMM
INFL - √ - √ Positive and statistically

significant except REM and
fractional probit

UEM - - √ - Negative and statistically
significant only in fractional
probit

RINT √ √ √ √ Positive and statistically
significant across models

FDI √ - - √ Positive and statistically
significant only in REM and
beta regression

Source: The authors.Notes: The sign “–” denotes statistical insignificance at any conventional levels. The result of FEMmodel was
excluded in this table, as the Hausman test supports REM.



are robust, as the coefficient sign for these variables remain the same and statistically significant
(with slight variations) under REM, GMM, fractional probit and beta regression.

5 CONCLUSION AND POLICY IMPLICATIONS

The cost of borrowers’ turnover could be detrimental to the sustainability ofMFIswhen a group of
reliable borrowers depart, especially when these loyal borrowers were used to attract new mem-
bers and implement peer mentoring to expose bad borrowers in an organization for expulsion
(Pawlak & Matul, 2004; Urquizo, 2006). Hence, the study identified various organizational fac-
tors affecting the borrower turnover of MFIs. In so doing, the study also used several market and
macroeconomic factors as control variables. Our findings are robust, as the conventional panel
REM/FEM, fractional regression and GMMwere employed.
Our results can generate several implications for policymakers, managers of MFIs and stake-

holders to minimize borrowers’ turnover. The efficiency-wage theory suggests that higher wages
bolster labor productivity, as it tends to mitigate principal–agent or employer–worker conflict of
interests. Highly paid workers will become more incentivized to offer their best to satisfy existing
customers and reduce BTR. Thus, the policymakers could offer competitive wage packages to
retain capable and experienced employees and motivate them to work in the best interest of the
MFIs. Also, the positive impact of staff turnover on borrower turnover further reiterates that
policymakers and management of MFIs should pay special attention to the job security and
benefits of their members of staff. In this regard, provision of competitive financial and fringe
benefits, better working environment, reasonable and flexible working hours, rational target
of loan disbursement, and overdue loan collection provision and transparency in performance
assessment policies are proven to be effective in the mitigation of turnover. Once these incentives
are ensured, employees will become satisfied and less likely to depart the organization.
As our results indicate that mission drift (higher loan size) is positively associated with BTR;

hence, there is need for policymakers and practitioners to promote need-based loan sizes. In this
regard, loan officers dealing directly with potential borrowers should be well trained, and thor-
ough field inspection should be conducted to ensure that expected loan amounts are aligned with
borrowers’ socio-economic conditions, to prevent negative consequences to the borrowers. More-
over, the mission drift aspects of MFIs should be carefully addressed at the governance level to
reinstate the MFIs’ goal of rendering affordable financial services to the poor and financially
excluded. Another possible policy intervention to minimize borrower turnover could lie in the
diversification of products, and implementation of technologies such as Fintech. Studies have
suggested that using more products from the same bank increases consumer loyalty (Bilal Zorić,
2016); thus, the availability of various product baskets to customers could satisfy demand and
minimize turnover problems.
As this study reveals that OSS has a negative and significant relationship with the borrowers’

turnover, the service quality of MFIs would become deteriorated due to their inability to achieve
long term operational sustainability, resulting in a higher borrower turnover. Since the cost of
funding is a principal determinant of operational self-sustainability, it is important that funders,
owners, donors, apex bodies and other stakeholders provide adequate amount of funds with rea-
sonable costs to enable MFIs cope with their operating costs and design financial products and
services that are cost effective and borrower-friendly.
Competition among MFIs has been enhanced, owing to the penetration of formal financial

institutions via lower-end retail banking; therefore, borrowers have become equipped with ample



alternatives to switch to the best financial service providers. Such intense and unhealthy competi-
tion among MFIs, informal and formal financial providers have destructive consequences on the
microfinance industry. It is, therefore, important that regulatory bodies draw a marginal line via
the enactment of proper rules, regulations, guidelines and supervision to appease such competi-
tive approaches in the financial market. From themanagement perspective, relationship banking
should be promoted by MFIs to increase customers’ loyalty through the provision of adequate
training to loan officers. Moreover, as far as macroeconomic factors are concerned, microfinance
borrowers’ turnover is significantly influenced by the country’s GDP growth, inflation, real inter-
est rates, FDI, etc. Thus, management of MFIs should give special attention to these factors while
servicing the poor.

6 LIMITATIONS AND GUIDANCE FOR FUTURE RESEARCH

Similar with others, our study is not devoid of limitations. Since the general borrowers’ turnover
rate have been estimated from the retention rate, no specific and disaggregated information on
the voluntary and involuntary turnover rate exist. However, the effects of organizational factors
could vary in voluntary and involuntary measures. Nonetheless, graduation from a microfinance
program should not be considered as a dropout, as it shows the level of development of borrow-
ers. Unfortunately, we do not have the segregated data to identify graduated borrower, hence it
limited such analysis being executed in this study. Moreover, as indicated in the positive effect
of loan size on BTR, further research (perhaps using qualitative approach to understand the bor-
rower’s perspective) are needed to expose the underlining mechanism (whether it is mission drift
or over indebtedness) causing such outcome via a survey data. Nonetheless, an important aspect
of clients’ dropout is the individual level factor, which is beyond the scope of this study. Thus, a
thorough investigation of clients’ level factors (e.g., gender, education, religion, socio-economic
status, income, etc.) should be conducted to better understand the dynamics of turnover through
primary survey, whichwould not only be very thought-provoking, but also a genuine contribution
to the literature.
Moreover, the effects of turnover in MFIs’ performance remain scarce and inconclusive. Evi-

dently, there are arguments that a fewnumber of borrowers’ (particularly bad borrowers) turnover
will be beneficial to the sustainability of MFIs. Therefore, MFIs may acquire temporary benefits
when bad borrowers are withdrawn or defaulters are dismissed (Siliki, 2013; Simanowitz, 2000).
Hence, future studies may consider investigating the possibility of a linear and quadratic relation-
ship between borrowers’ turnover, and the various dimensions of MFIs’ performance. This will
equip managers and practitioners with a concrete understanding of the consequences of borrow-
ers’ turnover to enable them to draft relevant policies/initiatives accordingly.

ACKNOWLEDGEMENTS
We sincerely appreciate the constructive and thoughtful comments/suggestions of the two anony-
mous reviewers, editor and associate editor of the journal. In particular, we are indebted to
the reviewers for recommending the inclusion of market and macro variables along with frac-
tional regression techniques in the analysis. We believe the quality of the paper has substantially
improved following the recommended revision.

DISCLOSURE STATEMENT
The authors declare that they have no known conflict of interest associated with the study.



FUNDING
The authors received no specific funding relating to the study.

DATA AVAILAB IL ITY STATEMENT
The dataset employed in this study can be freely obtained from: https://datacatalog.worldbank.
org/dataset/mix-market

ORCID
MdAslamMia https://orcid.org/0000-0002-6452-1126
HasanulBanna https://orcid.org/0000-0002-6902-8525
AbuHanifaMdNoman https://orcid.org/0000-0002-2775-924X
MdRabiulAlam https://orcid.org/0000-0003-0370-4161
Md.Sohel Rana https://orcid.org/0000-0002-8996-4484

REFERENCES
Abdullah, S., & Quayes, S. (2016). Do women borrowers augment financial performance of MFIs? Applied Eco-
nomics, 48(57), 5593–5604. https://doi.org/10.1080/00036846.2016.1181831

Abor, J., & Harvey, S. K. (2008). Foreign direct investment and employment: host country experience. Macroeco-
nomics and Finance in Emerging Market Economies, 1(2), 213–225. https://doi.org/10.1080/17520840802323224

Abrar, A. (2019). The impact of financial and social performance of microfinance institutions on lending interest
rate: A cross-country evidence. Cogent Business & Management, 6, 1540072. https://doi.org/10.1080/23311975.
2018.1540072

Ahamed, M. M., & Mallick, S. K. (2019). Is financial inclusion good for bank stability? International evidence.
Journal of Economic Behavior & Organization, 157(C), 403–427.

Ahlin, C., Lin, J., & Maio, M. (2011). Where does microfinance flourish? Microfinance institution performance in
macroeconomic context. Journal of Development Economics, 95(2), 105–120.

Ahmed, Z., Sabir, S., Khosa, M., Ahmad, I., & Bilal, M. A. (2016). Impact of employee turnover on organisational
effectiveness in tele communication sector of Pakistan. IOSR Journal of Business andManagement, 18(11), 88–96.

Al-Azzam,M. d., & Parmeter, C. (2019). Competition andmicrocredit interest rates: international evidence. Empir-
ical Economics, 60, 829–868.

Arellano,M., & Bover, O. (1995). Another look at the instrumental variable estimation of error-componentsmodels.
Journal of Econometrics, 68(1), 29–51.

Assefa, E., Hermes, N., & Meesters, A. (2013). Competition and the performance of microfinance institutions.
Applied Financial Economics, 23(9), 767–782.

Awaworyi Churchill, S. (2019a). The macroeconomy and microfinance outreach: a panel data analysis. Applied
Economics, 51(21), 2266–2274.

Awaworyi Churchill, S. (2019b). Microfinance financial sustainability and outreach: Is there a trade-off? Empirical
Economics, 59, 1329–1350.

Azmi, W., Ali, M., Arshad, S., & Rizvi, S. A. R. (2019). Intricacies of competition, stability, and diversification: Evi-
dence from dual banking economies. Economic Modelling, 83, 111–126. https://doi.org/10.1016/j.econmod.2019.
02.002

Babu, M. M. (2016). Macroeconomic determinants of technological change in Indian microfinance institutions.
Global Business Review, 17(5), 1179–1195. https://doi.org/10.1177/0972150916656685

Bauwin, M. (2019). Relationship lending inmicrofinance: Do women benefit as much asmen? InM. O’Connor & J.
Silva Afonso (Eds.), Emerging Challenges and Innovations in Microfinance and Financial Inclusion (pp. 85–122).
Cham: Springer.

Bilal Zorić, A. (2016). Predicting customer churn in banking industry using neural networks. Interdisciplinary
Description of Complex Systems: INDECS, 14(2), 116–124.

Bilau, A. A., Ajagbe, A.M., Sholanke, A. B., & Sani, T. A. (2015). Impact of employee turnover in small andmedium
construction firms: A literature review. International Journal of Engineering Research&Technology (IJERT), 4(2),
977–984.

https://datacatalog.worldbank.org/dataset/mix-market
https://datacatalog.worldbank.org/dataset/mix-market
https://orcid.org/0000-0002-6452-1126
https://orcid.org/0000-0002-6452-1126
https://orcid.org/0000-0002-6902-8525
https://orcid.org/0000-0002-6902-8525
https://orcid.org/0000-0002-2775-924X
https://orcid.org/0000-0002-2775-924X
https://orcid.org/0000-0003-0370-4161
https://orcid.org/0000-0003-0370-4161
https://orcid.org/0000-0002-8996-4484
https://orcid.org/0000-0002-8996-4484
https://doi.org/10.1080/00036846.2016.1181831
https://doi.org/10.1080/17520840802323224
https://doi.org/10.1080/23311975.2018.1540072
https://doi.org/10.1080/23311975.2018.1540072
https://doi.org/10.1016/j.econmod.2019.02.002
https://doi.org/10.1016/j.econmod.2019.02.002
https://doi.org/10.1177/0972150916656685


Blundell, R., & Bond, S. (1998). Initial conditions and moment restrictions in dynamic panel data models. Journal
of Econometrics, 87(1), 115–143.

Brau, J. C., Cardell, S. N., & Woodworth, W. P. (2015). Does microfinance fill the funding gap for microen-
trepreneurs? A conceptual analysis of entrepreneurship seeding in impoverished nations. International Business
Research, 8(5), 30–42.

Cheng,W., & Xu, H. (2004). The efficiency wage hypothesis: a mesoeconomic analysis. Journal of Economic Behav-
ior & Organization, 55(2), 257–269.

Churchill, C. (2000). Banking on customer loyalty. Journal of Microfinance/ESR Review, 2(2), 1–21.
Cohen, M. (2002). Making microfinance more client-led. Journal of International Development, 14, 335–350.
Copestake, J. (2007). Mainstreamingmicrofinance: Social performancemanagement ormission drift?World Devel-
opment, 35(10), 1721–1738.

Cull, R. & Morduch, J. (2017).Microfinance and Economic Development. Policy Research Working Paper No. 8252.
World Bank, Washington, DC. https://openknowledge.worldbank.org/handle/10986/28913 License: CC BY 3.0
IGO.

Cull, R., Demirgüç-Kunt, A., & Morduch, J. (2009). Microfinance meets the market. Journal of Economic Perspec-
tives, 23(1), 167–192.

Cumming, D., Dong, Y., Hou, W., & Sen, B. (2017). The end of imagination? Understanding new developments in
microfinance. In Microfinance for Entrepreneurial Development (pp. 1–22): Cham, Switzerland: Springer Inter-
national Publishing.

Dackauskaite, A. (2009). Client Exit in Microfinance. Utrecht University (Master’s Thesis). dspace.library.uu.nl ›
bitstream › handle › MSThesis.

Dean, T. J., Brown, R. L., & Bamford, C. E. (1998). Differences in large and small firm responses to environmen-
tal context: Strategic implications from a comparative analysis of business formations. Strategic Management
Journal, 19(8), 709–728.

DeWinne, S.,Marescaux, E., Sels, L., VanBeveren, I., &Vanormelingen, S. (2019). The impact of employee turnover
and turnover volatility on labor productivity: a flexible non-linear approach.The International Journal ofHuman
Resource Management, 30(21), 3049–3079.

Drexler, A., & Schoar,A. (2014).Do relationshipsmatter? Evidence from loan officer turnover.Management Science,
60(11), 2722–2736.

Dorta, M. (2016). Introduction to fractional outcome regression models using the fracreg and betareg commands.
Presentación en línea. www.stata.com/meeting/mexico16/slides/Mexico16_Dorta.pdf

Ek, S. (2011). The Implications of Financial Sustainability in the Microfinance Industry. KTH Industrial Engineer-
ing and Management (Master of Science Thesis), Stockholm, Sweden. www.diva-portal.org/smash/get/diva2:
509662/FULLTEXT01.pdf

Epstein, M. J., & Yuthas, K. (2013). Rural microfinance and client retention: Evidence from Malawi. Journal of
Developmental Entrepreneurship, 18(01), 1350006.1–17.

Escalante, C., & Rusiana, H. (2018). Borrower-Specific and Institutional Factors Leading to the Forced or Volun-
tary Exit of Microfinance Borrowers. Paper presented at the Proceedings of International Academic Confer-
ences. International Institute of Social and Economic Sciences. Availabe at, https://iises.net/proceedings/38th-
international-academic-conference-prague/table-of-content/detail?cid=78&iid=011&rid=8465

Ferrari, S., & Cribari-Neto, F. (2004). Beta regression for modelling rates and proportions. Journal of Applied Statis-
tics, 31(7), 799–815.

Galema, R., Lensink, R., & Spierdijk, L. (2011). International diversification and microfinance. Journal of Interna-
tional Money and Finance, 30(3), 507–515.

Ghosh, C., & Guha, S. (2019). Role of gender on the performance of Indian microfinance institutions. Gender in
Management: An International Journal, 34(6), 429–443.

Gibbons, D., & Kasim, S. (1991). Banking on the Rural Poor in Peninsular Malaysia. Center for Policy Research,
University Sains Malaysia, Penang, Malaysia. https://www.cabdirect.org/cabdirect/abstract/19911897737.

Giménez-Nadal J. I., Molina J. A, & Velilla J. (2020). Testing urban efficiency wages in France and Spain. Empirical
Economics, 1–32. https://doi.org/10.1007/s00181-020-01928-x.

Godfroid, C. (2019). Relationship lending in microfinance: How does it impact client dropout? Strategic Change,
28(4), 289–300.

Gupta, S., Lehmann, D. R., & Stuart, J. A. (2004). Valuing customers. Journal of Marketing Research, 41(1), 7–18.

https://openknowledge.worldbank.org/handle/10986/28913
http://www.stata.com/meeting/mexico16/slides/Mexico16_Dorta.pdf
http://www.diva-portal.org/smash/get/diva2:509662/FULLTEXT01.pdf
http://www.diva-portal.org/smash/get/diva2:509662/FULLTEXT01.pdf
https://iises.net/proceedings/38th-international-academic-conference-prague/table-of-content/detail?cid=78&iid=011&rid=8465
https://iises.net/proceedings/38th-international-academic-conference-prague/table-of-content/detail?cid=78&iid=011&rid=8465
https://www.cabdirect.org/cabdirect/abstract/19911897737
https://doi.org/10.1007/s00181-020-01928-x


Guthrie, J. P. (2000). Alternative pay practices and employee turnover: An organization economics perspective.
Group & Organization Management, 25(4), 419–439.

Ha-Brookshire, J. E. (2009). Does the firm size matter on firm entrepreneurship and performance? US apparel
import intermediary case. Journal of Small Business and Enterprise Development, 16(1), 132–146. https://doi.org/
10.1108/14626000910932926

Hadi, R., Wahyudin, U., Ardiwinata, J. S., & Abdu, W. J. (2015). Education and microfinance: an alternative
approach to the empowerment of the poor people in Indonesia. SpringerPlus, 4(244), 1–9.

Hancock, J. I., Allen, D. G., Bosco, F. A., McDaniel, K. R., & Pierce, C. A. (2013). Meta-analytic review of employee
turnover as a predictor of firm performance. Journal of Management, 39(3), 573–603.

Hansen, L. P. (1982). Large sample properties of generalized method of moments estimators. Econometrica, 50(4),
1029–1054. https://doi.org/10.2307/1912775

Hertzberg, A., Liberti, J. M., & Paravisini, D. (2010). Information and incentives inside the firm: Evidence from loan
officer rotation. Journal of Finance, 65(3), 795–828.

Hossain, M. (1988). Credit for Alleviation of Rural Poverty: The Grameen Bank in Bangladesh (Vol. 65). International
Food Policy Res Institute. http://www.ifpri.org/sites/default/files/publications/rr65.pdf.

Hossain, S., Galbreath, J., Hasan,M.M., &Randøy, T.M. (2020). Does competition enhance the double-bottom-line
performance of microfinance institutions? Journal of Banking & Finance, 113, 105765.

Hulme, D. (1991). Field reports. The Malawi Mundi fund: Daughter of Grameen. Journal of International Develop-
ment, 3(3), 427–431.

Hulme, D., & Mosley, P. (1996). Finance Against Poverty: Volume 2: Country Case Studies (1st ed.). (Vol. 2). London:
Routledge.

Hulme, D., Mutesasira, L., & Mugwanga, H. (1999). Client Drop-outs from East African Microfinance Insti-
tutions. MicroSave-Africa Report, Nairobi, Kenya. https://www.findevgateway.org/paper/1999/05/client-drop-
outs-east-african-microfinance-institutions.

Imai, K. S., Gaiha, R., Thapa, G., Annim, S. K., & Gupta, A. (2011). Performance of Microfinance Institutions: A
Macroeconomic and Institutional Perspective. Retrieved from www.rieb.kobe-u.ac.jp/academic/ra/dp/English/
DP2011-22.pdf

Inekwe, J. N. (2019). Lending Risk in MFIs: The Extreme Bounds of Microeconomic and Macroeconomic Factors.
Journal of Small Business Management, 57(2), 538–558. https://doi.org/10.1111/jsbm.12401

Islam,A. (2011).Medium-and long-termparticipation inmicrocredit: An evaluation using a newpanel dataset from
Bangladesh. American Journal of Agricultural Economics, 93(3), 847–866.

Jia, X., Cull, R., Guo, P., & Ma, T. (2016). Commercialization and mission drift: Evidence from a large Chinese
microfinance institution. China Economic Review, 40, 17–32.

Kar, A. K. (2016). Measuring competition in microfinance markets: A new approach. International Review of
Applied Economics, 30(4), 423–440.

Kar, A. K., & Swain, R. B. (2018). Competition, performance and portfolio quality in microfinance markets. Euro-
pean Journal of Development Research, 30, 842–870.

Khachatryan, K., Hartarska, V., & Grigoryan, A. (2017). Performance and capital structure of microfinance institu-
tions in Eastern Europe and Central Asia. Eastern European Economics, 55(5), 395–419.

Khandker, S. R., Khalily, M. B., & Khan, Z. H. (1995). Grameen Bank: Performance and Sustainability
(Vol. 306). World Bank Publications. https://documents.worldbank.org/en/publication/documents-reports/
documentdetail/893101468741588109/grameen-bank-performance-and-sustainability.

Khavul, S. (2010). Microfinance: creating opportunities for the poor? Academy of Management Perspectives, 24(3),
58–72.

Kotir, J. H., & Obeng-Odoom, F. (2009). Microfinance and rural household development: A Ghanaian perspective.
Journal of Developing Societies, 25(1), 85–105.

Krauss, N., & Walter, I. (2009). Can microfinance reduce portfolio volatility? Economic Development and Cultural
Change, 58(1), 85–110.

Littlefield, E., & Rosenberg, R. (2004). Microfinance and the poor. Finance and Development, 41(2), 38–40.
Liu, C.-T., Guo, Y. M., & Lee, C.-H. (2011). The effects of relationship quality and switching barriers on customer
loyalty. International Journal of Information Management, 31(1), 71–79.

Maiti, M., Esson, I. A., & Vuković, D. (2020). The impact of interest rate on the demand for credit in Ghana. Journal
of Public Affairs, 20(3), e2098. https://doi.org/10.1002/pa.2098

https://doi.org/10.1108/14626000910932926
https://doi.org/10.1108/14626000910932926
https://doi.org/10.2307/1912775
http://www.ifpri.org/sites/default/files/publications/rr65.pdf
https://www.findevgateway.org/paper/1999/05/client-drop-outs-east-african-microfinance-institutions
https://www.findevgateway.org/paper/1999/05/client-drop-outs-east-african-microfinance-institutions
http://www.rieb.kobe-u.ac.jp/academic/ra/dp/English/DP2011-22.pdf
http://www.rieb.kobe-u.ac.jp/academic/ra/dp/English/DP2011-22.pdf
https://doi.org/10.1111/jsbm.12401
https://documents.worldbank.org/en/publication/documents-reports/documentdetail/893101468741588109/grameen-bank-performance-and-sustainability
https://documents.worldbank.org/en/publication/documents-reports/documentdetail/893101468741588109/grameen-bank-performance-and-sustainability
https://doi.org/10.1002/pa.2098


Marquez, R. (2002). Competition, adverse selection, and information dispersion in the banking industry.TheReview
of Financial Studies, 15(3), 901–926.

Melik, J. (2010). Microcredit "death trap" for Bangladesh’s poor. BBC News, https://www.bbc.com/news/business-
11664632 (Accessed, 02.02.2020).

Mersland, R., & Strøm, R. Ø. (2010). Microfinance mission drift?World Development, 38(1), 28–36.
Meyer, R. L. (2002). The demand for flexible microfinance products: Lessons from Bangladesh. Journal of Interna-
tional Development, 14(3), 351–368.

Mia, M.A, Ahmed, A & Noman, A. H (2021). Financing structure of microfinance institutions: Evidence from
Bangladesh. Journal of Developing Areas, 55(1), 201–218.

Mia, M. A. (2020a). Participation of women in the South Asian microfinance industry: An observation. Journal of
Public Affairs, e2481. https://doi.org/10.1002/pa.2481

Mia, M. A. (2020b). Technological change and innovations in microfinance institutions: What matters? Global
Business Review, 1–14. https://doi.org/10.1177/0972150920927368

Mia, M. A., & Lee, H.-A. (2017). Mission drift and ethical crisis in microfinance institutions: What matters? Journal
of Cleaner Production, 164, 102–114. https://doi.org/10.1016/j.jclepro.2017.06.176

Mia,M. A., Lee, H. A., Chandran, V. G. R., Rasiah, R., &Rahman,M. (2019). History ofmicrofinance in Bangladesh:
A life cycle theory approach. Business History, 61(4), 703–733.

Microfinance Barometer (2019). 10 years already! A look back at the trends in microfinance. https://www.
convergences.org/wp-content/uploads/2019/09/Microfinance-Barometer-2019_web-1.pdf

Morduch, J. (1999). The microfinance promise. Journal of Economic Literature, 37(4), 1569–1614.
Murphy, C. (2018). Microcredit Meltdown: The Rise and Fall of South Sudan’s Post-conflict Microcredit Sector. Lex-
ington Books.

Mustafa, F., Khursheed, A., & Fatima,M. (2018). Impact of global financial crunch on financially innovativemicro-
finance institutions in South Asia. Financial Innovation, 4(13), 1–11. https://doi.org/10.1186/s40854-018-0099-8

Mustafa, S. (1996). Beacon of Hope: An Impact Assessment of BRAC’s Rural Development Programme. Dhaka,
Bangladesh: BRAC. http://dspace.bracu.ac.bd/xmlui/handle/10361/12960.

Nawaz, S. (2010). Microfinance and poverty reduction: evidence from a village study in Bangladesh. Journal of
Asian and African Studies, 45(6), 670–683.

Nayak, B. B. (2014). The Synergy of Microfinance: Fighting Poverty by Moving beyond Credit: Sage Publications.
Nguyen, C. P., Schinckus, C., Su, T. D., & Chong, F. (2018). Institutions, inward foreign direct investment,
trade openness and credit level in emerging market economies. Review of Development Finance, 8(2), 75–88.
https://doi.org/10.1016/j.rdf.2018.11.005

Nkwocha, O. U., Hussain, J., El-Gohary, H., Edwards, D. J., & Ovia, E. (2019). Dynamics of group lending mech-
anism and the role of group leaders in developing countries: Evidence from Nigeria. International Journal of
Customer Relationship Marketing and Management (IJCRMM), 10(3), 54–71.

O’Cass, A., & Grace, D. (2004). Service brands and communication effects. Journal of Marketing Communications,
10(4), 241–254.

Omare, O. S. (2019). Effect of capital structure on performance of microfinance institutions: a case of deposit taking
microfinance institutions. International Journal of Business Management and Finance, 1(1), 105–120.

Pagura, M. E. (2004). Client exit in microfinance: A conceptual framework with empirical results from Mali.
Paper presented at the CSAE Conference, Oxford University. https://www.findevgateway.org/sites/default/
files/publications/files/mfg-en-paper-client-exit-in-microfinance-a-conceptual-framework-with-empirical-
results-from-mali-mar-2004.pdf.

Pagura,M. E., Graham,D.H., &Meyer, R. L. (2001).Determinants of borrower dropout inmicrofinance: An empirical
investigation in Mali. Selected Paper for the AAEA and CAES Annual Meetings, Chicago, Illinois: https://core.
ac.uk/reader/7083284.

Pawlak, K., & Matul, M. (2004). Client Desertion in Microfinance: How to Diagnose It Successfully. Available at,.
www.findevgateway.org/paper/2004/04/client-desertion-microfinance-how-diagnose-it-successfully

Pascal Ndaki1, D., Atle Beisland, L., & Mersland, R. (2018). Capital structure and CEO tenure in microfinance
institutions. Strategic Change, 27(4), 329–337.

Pearlman, S. (2014). Dropouts, defaulters, and continuing borrowers: Client exit frommicrofinance.TheDeveloping
Economies, 52(4), 301–321.

https://www.bbc.com/news/business-11664632
https://www.bbc.com/news/business-11664632
https://doi.org/10.1002/pa.2481
https://doi.org/10.1177/0972150920927368
https://doi.org/10.1016/j.jclepro.2017.06.176
https://www.convergences.org/wp-content/uploads/2019/09/Microfinance-Barometer-2019_web-1.pdf
https://www.convergences.org/wp-content/uploads/2019/09/Microfinance-Barometer-2019_web-1.pdf
https://doi.org/10.1186/s40854-018-0099-8
http://dspace.bracu.ac.bd/xmlui/handle/10361/12960
https://doi.org/10.1016/j.rdf.2018.11.005
https://www.findevgateway.org/sites/default/files/publications/files/mfg-en-paper-client-exit-in-microfinance-a-conceptual-framework-with-empirical-results-from-mali-mar-2004.pdf
https://www.findevgateway.org/sites/default/files/publications/files/mfg-en-paper-client-exit-in-microfinance-a-conceptual-framework-with-empirical-results-from-mali-mar-2004.pdf
https://www.findevgateway.org/sites/default/files/publications/files/mfg-en-paper-client-exit-in-microfinance-a-conceptual-framework-with-empirical-results-from-mali-mar-2004.pdf
https://core.ac.uk/reader/7083284
https://core.ac.uk/reader/7083284
http://www.findevgateway.org/paper/2004/04/client-desertion-microfinance-how-diagnose-it-successfully


Rahman, M. K., & Rahman, M. (2014). Factor analysis of drop out clients in microfinance institutions (MFIs) in
Satkhira district in Bangladesh. Review of European Studies, 6, 31–39.

Ramírez Guerra, E. A. (2017). The economic growth and the banking credit inMexico: Granger causality and short-
term effects, 2001Q1–2016Q4. Economía Informa, 406, 46–58. https://doi.org/10.1016/j.ecin.2017.10.004

Rosenberg, R., Gaul, S., Ford, W., & Tomilova, O. (2013). Microcredit interest rates and their determinants: 2004–
2011. InMicrofinance 3.0 (pp. 69–104). Springer.

Rozen-Bakher, Z. (2017). Impact of inward and outward FDI on employment: the role of strategicasset-seeking FDI.
Transnational Corporations Review, 9(1), 16–30. https://doi.org/10.1080/19186444.2017.1290919

Salop, S. C. (1979). A model of the natural rate of unemployment. American Economic Review, 69(1), 117–125.
Schäfer, K., & Fukasawa, Y. (2011). Factors determining the operational self-sufficiency among microfinance insti-
tutions. Advances in Business Research, 2(1), 171–178.

Schulte, M., & Winkler, A. (2019). Drivers of solvency risk—Are microfinance institutions different? Journal of
Banking & Finance, 106, 403–426.

Shahriar, A. Z. (2012). Impact of microfinance on seasonal hardship in Northern Bangladesh: A propensity score
matching approach. Journal of South Asian Development, 7(1), 43–64.

Siliki, A.-C. (2013). Why people dropout from microfinance institutions? Case study of an MFI in Mali (Nyèsigiso).
PhD Dissertation Université Libre de Bruxelles, https://www.rug.nl/research/globalisation-studies-groningen/
research/conferencesandseminars/conferences/eumicrofinconf2011/papers/1new.15a.siliki.pdf.

Simanowitz, A. (2000). Client exit surveys: A tool for understanding client drop-out. Journal of Microfinance/ESR
Review, 2(1), 112–137.

Solow, R. M. (1979). Another possible source of wage stickiness. Journal of Macroeconomics, 1(1), 79–82. https://doi.
org/10.1016/0164-0704(79)90022-3

Statista. (2018). Global customer retention rates by industry 2018. Statista Research Department. www.statista.com/
statistics/1041645/customer-retention-rates-by-industry-worldwide/

Tanin, T. I., Mobin, M. A., Ng, A., Dewandaru, G., Salim, K., Nkoba, M. A., & Abdul Razak, L. (2019). How does
microfinance prosper? An analysis of environmental, social, and governance context. Sustainable Development,
27(6), 1001–1022.

Tchakoute Tchuigoua, H. (2016). Buffer capital in microfinance institutions. Journal of Business Research, 69(9),
3523–3537. https://doi.org/10.1016/j.jbusres.2016.01.034

Urquizo, J. (2006). Improving andmonitoring customer retention.Microcredit Summit Paper, Accion International.
www.findevgateway.org/sites/default/files/publications/files/mfg-en-paper-improving-and-monitoring-
customer-retention-2006_0.pdf

Varendh-Mansson, C.,Wry, T., & Szafarz, A. (2020). Anchors aweigh? Then time to head upstream:Whywe need to
theorize “mission” before “drift”. Academy of Management Review, 45(1), 230–233. https://doi.org/10.5465/amr.
2019.0081

Vanroose, A., & D’Espallier, B. (2013). Do microfinance institutions accomplish their mission? Evidence from the
relationship between traditional financial sector development and microfinance institutions’ outreach and per-
formance. Applied Economics, 45(15), 1965–1982. https://doi.org/10.1080/00036846.2011.641932

Velasco, C., & Marconi, R. (2004). Group dynamics, gender and microfinance in Bolivia. Journal of International
Development, 16(3), 519–528.

Westover, J. (2008). The record of microfinance: The effectiveness/ineffectiveness of microfinance programs as a
means of alleviating poverty. Electronic Journal of Sociology, 12(1), 1–8.

Wisniwski, S. (2010).Overindebtedness: Evidence, causes and consequences. Presentation, European Fund for South-
east Europe (EFSE), September 23, Frankfurt, Germany.

https://doi.org/10.1016/j.ecin.2017.10.004
https://doi.org/10.1080/19186444.2017.1290919
https://www.rug.nl/research/globalisation-studies-groningen/research/conferencesandseminars/conferences/eumicrofinconf2011/papers/1new.15a.siliki.pdf
https://www.rug.nl/research/globalisation-studies-groningen/research/conferencesandseminars/conferences/eumicrofinconf2011/papers/1new.15a.siliki.pdf
https://doi.org/10.1016/0164-0704(79)90022-3
https://doi.org/10.1016/0164-0704(79)90022-3
http://www.statista.com/statistics/1041645/customer-retention-rates-by-industry-worldwide/
http://www.statista.com/statistics/1041645/customer-retention-rates-by-industry-worldwide/
https://doi.org/10.1016/j.jbusres.2016.01.034
http://www.findevgateway.org/sites/default/files/publications/files/mfg-en-paper-improving-and-monitoring-customer-retention-2006_0.pdf
http://www.findevgateway.org/sites/default/files/publications/files/mfg-en-paper-improving-and-monitoring-customer-retention-2006_0.pdf
https://doi.org/10.5465/amr.2019.0081
https://doi.org/10.5465/amr.2019.0081
https://doi.org/10.1080/00036846.2011.641932

	Factors affecting borrowers’ turnover in microfinance institutions: A panel evidence
	Abstract
	1 | INTRODUCTION
	2 | CONCEPTUAL FRAMEWORK AND LITERATURE REVIEW
	2.1 | Review of the concept and literature
	2.2 | Selection of variables

	3 | METHODOLOGY
	3.1 | Modelling the borrower turnover of MFIs
	3.2 | Data and sources of data
	3.3 | Descriptive statistics and multicollinearity

	4 | RESULTS AND DISCUSSION
	4.1 | Static model
	4.2 | Robustness test: Dynamic panel and fractional regression

	5 | CONCLUSION AND POLICY IMPLICATIONS
	6 | LIMITATIONS AND GUIDANCE FOR FUTURE RESEARCH
	ACKNOWLEDGEMENTS
	DISCLOSURE STATEMENT
	FUNDING
	DATA AVAILABILITY STATEMENT

	ORCID
	REFERENCES


